ADAPTIVE DIRECTIONAL SUBDIVISION SCHEMES AND
SHEARLET MULTIRESOLUTION ANALYSIS

GITTA KUTYNIOK AND TOMAS SAUER

Abstract. In this paper, we propose a solution for a fundamental problem
in computational harmonic analysis, namely, the construction of a multireso-
lution analysis with directional components. We will do so by constructing
subdivision schemes which provide a means to incorporate directionality into
the data and thus the limit function. We develop a new type of non-stationary
bivariate subdivision schemes, which allow to adapt the subdivision process
depending on directionality constraints during its performance, and we derive
a complete characterization of those masks for which these adaptive direc-
tional subdivision schemes converge. In addition, we present several numerical
examples to illustrate how this scheme works. Secondly, we describe a fast
decomposition associated with a sparse directional representation system for
two dimensional data, where we focus on the recently introduced sparse direc-
tional representation system of shearlets. In fact, we show that the introduced
adaptive directional subdivision schemes can be used as a framework for deriv-
ing a shearlet multiresolution analysis with finitely supported filters, thereby
leading to a fast shearlet decomposition.

1. Introduction

E [cieht and economical representations of anisotropic structures are essential
in various areas in applied mathematics. The nature of the problems we face can
be divided into two types, namely when the anisotropic structure is given explicitly
and when it is given implicitly. The analysis of images and higher dimensional
data with respect to directional features shall serve as an example of an explicitly
given anisotropic structure, whereas the solution of hyperbolic partial di [erential
equations often exhibits the phenomenon of shocks which can be interpreted as an
implicit anisotropic structure.

It is well known that wavelets are perfectly suited for providing e [cieht represen-
tations in the sense of sparsity for problems with a dominant isotropic regularity,
at the same time being associated with a multiresolution analysis which is the
key ingredient for a fast decomposition algorithm. However, when dealing with
anisotropic phenomena wavelets do not perform equally well. In fact, it can be
proven that wavelets do not provide optimally sparse representations.

In contrast to earlier approaches such as directional wavelets [1], complex wave-
lets [21], ridgelets [3], and contourlets [16], the curvelets introduced by Candés and
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Donoho precisely satisfy this need, in the sense of resolving the wavefront set [5] and
the curvelet representation being optimally sparse for objects with C2-singularities
[4]. Also there already exist some first results on applying curvelets to hyperbolic
partial diCerkntial equations by Candés and Demanet [2]. However, one drawback
is the lack of a multiresolution analysis associated with curvelets, and, in particu-
lar, a fast decomposition algorithm in the time domain. This raises the question
about the existence of a representation system with analyzing properties as good
as curvelets, but being equipped with a more “wavelet-like” structure in the sense
of being associated with a multiresolution analysis. In fact, the discrete counter-
part would then lead to finitely supported filters that allow for a mathematically
justified discrete fast decomposition of discrete data. We anticipate such a represen-
tation to combine the favorable computational properties of wavelets with the main
additional property to provide a means to resolve anisotropic structures e Lciehtly.

In this paper we give a complete, positive answer to the question of the existence
of such a system by introducing subdivision schemes for the recently introduced con-
cept of shearlets, thus constructing an associated multiresolution analysis which
indeed leads to a fast discrete decomposition algorithm. The directional represen-
tation system of shearlets [19] stands out for the following reason. They do not only
precisely resolve the wavefront set [22] and provide optimally sparse representations
[20], but shearlet systems are generated by one single function which is dilated by a
parabolic scaling and a shear matrix and translated in the time domain, hence form
an a [nelsystem. We might even interpret the system of shearlets as being gen-
erated by a strongly continuous, irreducible, square-integrable representation of a
certain group, the shearlet group [11]. This rich mathematical structure enables, for
instance, the application of coorbit theory to study smoothness spaces — so-called
shearlet coorbit spaces — associated with the decay of the shearlet coe [ciehts [12].
We would further like to mention that one attempt to associate shearlets with a
so-called generalized multiresolution analysis can be found in [24]. However, this
structure did not yield a fast decomposition due to the fact that the filters are not
compactly supported and even infinitely many filters have to be employed.

Our approach to derive a multiresolution analysis associated with shearlets and
to provide a feasible fast shearlet decomposition comprises the introduction of a
new class of non-stationary bivariate subdivision schemes which incorporate direc-
tionality in a particular way. Subdivision schemes provide a mathematical method
to refine given coarse data while providing characterization results to ensure conver-
gence to a continuous function, say. Moreover, such schemes automatically provide
refinable functions which are the basis for any multiresolution analysis as nest-
edness of the dilerknt levels of resolution is equivalent to the refinability of the
underlying “basis” function. Homogeneous stationary subdivision schemes have
been studied extensively over the last 20 years; for an elaborate survey we refer
the reader to [6]. Recently, algebraic methods have been introduced as a means to
derive characterizations of convergence and approximation order in a very natural
way for multivariate subdivision (cf. [29]). On the other hand, also the conditions
of homogeneity and stationarity have been released by various authors, leading to
subdivision schemes where the refinement rule varies with the level of iteration or
the location of refinement. However, the gain in generality always comes with the
prize of a loss of structure so that there is comparatively little known about these
generalizations (see, e.g., [9, 7]). In particular, no subdivision schemes were known
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so far which provide a means to adapt the subdivision process depending on direc-
tionality constraints during its performance while still ensuring convergence. The
development of such subdivision schemes will be important both for construction
of a shearlet multiresolution analysis as well as for opening the research area of
methods for data refinement to incorporate anisotropic structures.

We will show in this paper that such an adaptive directional subdivision scheme
can be constructed and it will indeed lead to a shearlet multiresolution analysis
and a fast shearlet decomposition. Our approach to derive a non-stationary bi-
variate adaptive directional subdivision scheme is based on the idea to iteratively
apply two subdivision schemes each of which is associated with a di [erknt direction.
The two individual subdivision schemes can employ two di Lerent finitely supported
filters while their respective dilation matrices are taken from the theory of shear-
let systems. We would also like to mention at this point that the most natural
“directional” operation, the rotation, can not be employed, since its action does
not provide a refinement of a lattice. In contract to this observation, products
of parabolic scaling and shear matrices do indeed satisfy this desirable property.
The constructed subdivision scheme provides the opportunity to adaptively change
the orientation of the data during the subdivision process, since in each iteration
one of both single subdivision schemes can be applied. In this sense, we can visu-
alize the subdivision process as a binary tree, in which the direction of the finer
data is dependent on the branch we choose. However, for convergence we certainly
need to study each branch of the tree, which requires an appropriate definition of
convergence. Our first key result shows that, provided the adaptive directional sub-
division scheme converges, we obtain associated generalized refinement equations
(Theorem 4.6). These will become essential for deriving a shearlet multiresolution
analysis. As a main result we then provide a complete characterization of those
masks which lead to convergent adaptive directional subdivision schemes (Theorem
4.14) in terms of algebraic and spectral properties of the associated filters. In the
proof we will make use of ideal theoretic methods which come in handy to extract
“the zero at —1” of the two masks.

For the construction of a shearlet multiresolution analysis we employ the fact
that each wavelet multiresolution analysis is associated with a convergent subdivi-
sion scheme [14]. We introduce scaling spaces based on the previously constructed
directional subdivision schemes, and then prove that these indeed provide a mul-
tiresolution analysis structure (Theorem 6.3) due to the refinement equations men-
tioned above. This multiresolution analysis will then provide us in a very natural
way with a mathematically justified discrete fast shearlet decomposition of discrete
data which is stated as Algorithm 7.6. Also here we encounter a binary tree struc-
ture, since the decomposition will be dependent on the dilerknt directions which
were encoded in a binary tree structure of the subdivision process. For the con-
struction of a shearlet multiresolution analysis and a fast shearlet decomposition,
we focus on the situation of interpolatory masks. The non-interpolatory case is
beyond the scope of this paper and will be studied in a forthcoming paper.

The outline of the paper is the following. In Section 2 we briefly introduce
discrete shearlet systems. We further study which directions can be attained by
the action of the associated dilation matrices on Z2. The new type of subdivision
schemes, which we baptize adaptive directional subdivision schemes, are introduced
in Section 3. In Section 4 we provide a complete characterization of convergence for



4 GITTA KUTYNIOK AND TOMAS SAUER

those schemes along with the necessary ideal theoretic background. Some numeri-
cal experiments on the refinement of data employing this new type of subdivision
schemes are provided in Section 5. We then show how the previously derived
adaptive directional subdivision schemes can be used as a framework for deriving
a shearlet multiresolution analysis with finitely supported filters (Section 6). In
Section 7 we employ these results to provide a fast shearlet decomposition.

2. Refinement of Z? by Anisotropic Scaling and Shearing

2.1. Shearlet Dilation Matrices. Our approach towards directional refinement
of the lattice Z? and, later on, adaptive directional subdivision schemes is inspired
by the recently introduced discrete shearlet transform [19], since this transform
is able to precisely detect directions of singularities (cf. [22]) which we will take
advantage of. In order to provide a thorough motivation for our construction, allow
us to first briefly review the idea of shearlets.

Each shearlet system forms an a [nekystem, i.e., consists of dilations and transla-
tions of one single generating function ¢ CIP(R?), a so-called shearlet. As dilation
matrices, products of anisotropic parabolic scaling matrices and shear matrices —
which coined the name “shearlets” — are employed. In order to define a shearlet
system, let Ay, a >0, and Ss, s (R}, which are defined by

1 —1 I?I —1
Ay = g \95 and Sg = 0 13 ,

denote a parabolic scaling matrix and a shear matrix, respectively. Then the shearlet
system associated with a shearlet y [IP(R?) is given by

21) {m () = 27 HP(SkAsx —m) - jk £Z m 2P},

The three parameters j, k, m are interpreted in the following way: j provides the
scale, and k and m detect the direction and position of singularities, respectively. It

is easy to construct shearlets such that (2.1) forms a Parseval frame for L?(R?), for
instance, by cpoosing Y& &) = U1(E1)P2(E2/&), where §; [CIP(R) is a discrete
wavelet, i.e., jIZ:NJl(4j w)|? =1 for w R satisfying Y1 [CC°(R) and supp Py 1
[-1,—%] [13.1], and Lliﬂﬂz(R) is a bump function satisfying ), Q> (R),
supp Lﬁz [[41,1], and klzjlﬁz(k + )2 =1 for w (cf. [19]). The associated
Shearlet Transform SHy, is then defined on L?(R?) by

SHqu(j, k,m) = ], WYjkm L]

In order to provide an equal treatment of the direction of the x- and y-axis, the
frequency plane is split into the cone

C={G. &) CR: &l =%, |&l<1},

its by 90° rotated copy, and the square centered at the origin of side length % The
Shearlet Transform acts on C and its copy as described above, while the choice of
Y has to be adapted appropriately. The center square can be filled in such a way
that this system also forms a Parseval frame. The shearlet system in C and its
copy is usually referred to as shearlets on the cone, see [19]. The associated tiling
of the frequency plane is illustrated in Figure 1.
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Figure 1. The tiling of the frequency domain induced by the
shearlets on the cone.

The refinement matrices interesting to us for deriving a directional refinement
of the lattice Z? are the dllatlo&”natrlces used in ﬁz 1? for|]:I 1, i.e., the matrices

1 k
MkZZS_kA%= 0 1 0 % = 1 , k 2
Following the philosophy of the shearlets on the cone, also the matrices
5 0
Ik 1
2% 7

which serve as dilation matrices for the rotated copy of C, will be employed as
refinement matrices. The matrices My and Nk—rdt only provide the possibility to
map a line to various directions, but moreover possess the property of refining the
lattice Z2 equally at each level as it is shown in the following result.
Proposition 2.1. The following conditions hold.
(i) For all j,k Z1 we have
M [GQL,(R) and My(d 3z x2717) =470+Dz x 2=0+D7
(i) For all j,k Z1 we have
NHGL,(R) and Ni2liz x4717) =270+D7 x 4=G+D 7
Proof. (i) The first claim is obvious. To prove the second claim, let j,k [Z and
m= (m&lnz) ZFP. Then —
M 471 m; 4_U+1)m1 + 2_U+1)km2 _ 4_G+1)(m1 + 2j+1km2)
k p-i my - 2_(j+1)m2 2_0+1)m2
which implies M (43Z x 2717) [230+DZz x 2=G+D7,
Now let n = (ny,n,) [CA4%. Then choosing m = (my,my) 4% as m; =
— 2*1kn, and m, = n; yields
L Y . . C1C
M 47 Im; _ 4_(J+1)(n1 — 20*+1kn, + 21+1kn2) _ 4=G+Dn,
K 2_j ma - 2_G+1)n2 h 2_G+1)n2

Thus My (471Z x 2737) 270+DZ x 2=G*+DZ which proves the claim.

1
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(i) This follows by using similar arguments as in part (i). 1

Thus, when applying a sequence of matrices My, ..., My, iteratively to the
lattice Z2, at the jth level the points {(473(m; + [£), 273 (m, + 3)) : [1-{1,2,3}}
are added to the lattice 43z = 2737, This is true for an arbitrary choice of integers
ki CZ 1 < j =n. Moreover, at each level this map is bijective.

A similar result holds for the matrices Nk 21

2.2. Feasible Directions. Let us now delve deeper into the explicit construction
of the refinement by using the splitting idea of the shearlets on the cone. The
overall aim is to provide a way of refinement such that the points on the y-axis —
or any other line through the origin — can be moved to an arbitrary line through
the origin during the refinement process. This immediately forces the refinement
scheme to provide dilerknt strategies for refinement. We will see how this is can
be achieved by using the matrices Mg and Nig—even only for € = —1,0,1. In the
sequel we will only focus on the matrices Mg, € = —1,0, 1, since the others can be
treated simultaneously.

In the very first step of the refinement, we apply M, to Z? for ¢ = —1,0, 1.
Application of € = 0 does not change any directions, € = 1 maps the y-axis to the
angle bisector in the first and third quadrant of the plane, and € = —1 has the
same e [edt on the second and fourth quadrant. From now on, we consider the two
cases € [{D,—1} or ¢ D, 1} separately. Focusing on the second case, in each
step we not only derive the refinement from a coarser scale 41Z x 2717 to a finer
scale 4~U+DZ x 2=G+D 7z put also have two di[erent ways to achieve this, either
by applying Mg or by applying M;. Hence, at the nth level we have applied a
product of the form Mg, ... Mg, to Z2, where g [0, 1} for each 1 < j <n. For
€ [{0, —1}, one can proceed in exactly the same way which we will, however, not
work out in detail in this paper.

From now on, we will use the abbreviation E, = {0,1}", n [N, for the index

sets and will also denote by

E= En
n N1

the set of all finite 0-1-sequences and by E., = {0, 1}" the space of all infinite
sequences. Note that E is canonically embedded in Ec. by the mapping

E =13 ¢+ (£,0,0,...) [F.

The main question to ask at this point concerns the possible directions this
procedure allows us to map the points on the y-axis to. For this analysis, we
restrict our attention to the first quadrant of the plane, since the same refinements
occur in the third quadrant only in an origin-symmetric way.

We first notice that the sequence of n matrices Mg we choose is completely
determined by the associated sequence € [CHy. Hence this refinement scheme has
the structure of a binary tree as illustrated in Figure 2.

The directions which might be obtained employing this refinement scheme are
encoded in this binary tree in a special though natural way. To explore this rela-
tion, we first compute the product of the matrices which is applied to achieve the
refinement at level n. Interestingly, the following binary number appears therein.
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%OMJ? €= (1,0)

%1M122, €= (1,1)

Figure 2. The binary tree up to level 2 associated with the re-
finement scheme.

=
1
1
ZZ
1
1
1
W22

Notation 2.2. For € [H,, n [N, we define
N
(8)2 = 8j+1 2J and Mg = Mgn ot Msl.
j=0

Using this notion we obtain the following form for a refinement matrix Meg.

Lemma 2.3. Let n CNland € [CH,. Then we have

AN 472 (e),

Me= 9 omn

Proof. We will prove this lemma by induction. For n = 1, the claim obviously holds.
Now suppose that the claim is true for some n [CN. Let € = (e5en+1) [Hn+1,
e [HL. We have to distinguish between en+1 = 0, hence (g), = (€%, with

1 111 C1C_]
4710 4T 42 (e, _ a0 1an(eh,

M = M(E‘:,bn+1) = 0 o—1 0 2—n - 0 2—(n+1) '
and en+1 =1, i.e., (€)2 = (€Y, +2"*1, where
1, , [
M. = A r2toamh a2y, _ MY (@ TNE) 2
& 0 271 0 2™n - 0 2—(n+1)
1 C1C
_ A0 2470 (652 + 2 470D 247N (e),
- 0 2—(n+1) - 0 2—(n+1)
which advances the induction hypothesis. 1

Notation 2.4. Let L be a line through the origin and € [H,, n CNL Then s(L, €)
denotes the slope of ML, which is again a line through the origin. We further
write s(L) for the slope of L.

The next result computes the values of the slopes s(L, €).
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Lemma 2.5. Let L be a line through the origin and € [CH,, n [CN. Then the
following relations between s(L, €), € and the original L hold.

() If L is a line through the origin with s(L) (0, o), then

2n
s(L,&) = ————
s(L) + 2(8)2
@ii) If L={0} xR, i.e., s(L) = oo, then
n—1
s(L,g) = ——,
(L) (e)2
where we set 27"71/0 := co.
(iii) If L =R x {0}, i.e., s(L) =0, then
s(L,g) =0.
Proof. (i) We consider the point (1,s(L)) [I1 Using Lemma 2.3, we compute
® 1 1 . (1,s( BEIZI
M _ 4T 47N 2(e); 1 _ 47" +2s(L) (8)2)
€ s(L)y ~ 0 2-n s(L) 27"s(L)
Hence, the slope of the line ML equals
4" s(L) _ 2"s(L) _ 2N
20(1+2s(L)(g)2) 1+2s(L)(e)2 S(L) +2(g)

(i) Here we consider the point (0,1) 0= {0} < R. Again employing Lemma
2.3, we obtain
I | I I |
M 0 _ 47" 47"2()2 0 _ 47"2(e):
€1 0 2™n 1 2™n

Thus
4I’l 2I’l
20+1(e),  2(e)2

(iii) is easily verified bf notl__g_lthat the point gll OE is Iﬂped to

N 4T"2()2 1 _
MSO_ 0 2-n 0o - 0

so that the slope remains zero. 1

s(L,¢) =

Our main result in this section will show that indeed the points on an arbitrary
line through the origin of slope & 0 can be moved arbitrarily close to prescribed
lines through the origin during the refinement process.

Theorem 2.6. Let L be a line through the origin with s(L) [(0, oo]. Then, for
each t IZQ oo] and & > 0, there exists some n [Nland € [CEl such that

[s(L, &) —t| <.

Proof. Suppose L is a line through the origin with s(L) [(0Q, o). The case s(L) =
oo can be dealt with in a similar way.

For given t E@ oo) and d > 0, due to the denseness of rational numbers there
exists some n [CNland € [CH, such that

T tH wt+o)
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Indeed, € can be chosen as a truncation of the binary expansion of 1/t. Note that
without loss of generality we can assume that
1
- <3
2ns(L) '
since we can always enlarge n. Using these relations, we obtain

[s(L,g) —t| = -
1 Lad i
_ E 1 _ tE: E— t(—Z”s(L) -|'-_j1=0 Ejr1 2 n+1)§
- 1 ' i 1 | E— —
st =0 G 2T 7@+ j=o Ei+1 2T

Cod
- té —  j=0 €j+1 2d—n+1 —znsl(L) t? 5
< I .
1 — 51 —t

Note that for the last equality we used < 1.
Now let € [[He. be defined by €5 = 0 for all j = jo for some jo [N, and let
M > 0. Then there exists some n [Nl such that

n

1 ; 1
— 4+ g2 ™l < — foralln=n,
2ns(L) iz j+1 M 0
which implies
1
s(L,(e1...€n)) = E— — > M,
ot jo &+ 2T

hence limp _ oo S(L, (€1...€R)) = oo.
Finally, let € [Ho, be defined by €5 = 1 for all j = jo for some jo [CN. Then,
for all n [N,

s(L,(e1...€n) = (— = 2

L A H -
T}—) + j=1 €j 21 ?1” +on+l 9 J1_0211(]_ — 8].)2]
and hence,
lim s(L, (¢ €n)) = lim Lo _1 —1
y 1...€n - - - = —.
noe oo oy T2 e~ on I_f:l{(l_sj)zj 2

Thus only employing Mg and M; we can move any line arbitrarily close to any
line of slope E@ oo]. This shows the range of directions we might attain (compare
Figure 3). However, we would like to mention that the change of orientation of
the data induced by the subdivision scheme (see Definition 3.2) is also aledted by
directionality of the masks.

Theorem 2.7. Let L be a line through the origin with s [(0, co]. Then, for each
t IZ[}% —oo] and > 0, there exists some n [Nland € [El, such that
[s(L, &) —t| <.
Similar results as Theorems 2.6 and 2.7 also hold for the matrices Nbe—d [

{—1,0,1}. We omit to also state these results for the sake of brevity, since they are
similar to the previous theorems.
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2.3. A Directional Refinement of the Lattice Z2. The results in the preced-
ing section point out how to refine Z2 in a directional way such that all possible
directions can be attained. Dependent on whether we intend to map say the y-axis
to a line with a slope contained in [3, o], [—3, —e], or [~1, ], we choose to refine
by using the matrices Mg, M1, M—1, Mo, or Ni=Niog-Ni—bspectively. Once the
type of matrices is chosen, we iterate depending on the angle we would like to attain
by using Theorem 2.6, Theorem 2.7, or the corresponding result for the matrices
Me—el CL1,0,1}. For an illustration of the dilerent areas of lines through the
origin which can be attained during the refinement process dependent on the chosen
matrices we refer to Figure 3.

(cf. Theorem 2.7)

M with € =0,1
[(cl. Theorem 2.6)

Slope %

Figure 3. This figure shows the dilerkent areas of lines through
the origin which can be attained during the refinement process
depending on the choice of Mg and NMeadd € C{+1,0, 1}.

From now on we will focus entirely on the matrices Mg and M;. All following
results can be derived in a similar way for M—_1, Mg and for Ni=Nig-Ni—1

3. Adaptive Directional Subdivision

In this section, we finally arrive at the announced definition of a new type of sub-
division schemes, based on the interaction of two “normal” stationary subdivision
schemes, which we will study in the sequel. To that e choose two masks ae,
e [0, 1}, i.e., finitely supported sequences az [1d) Z= as well as the expanding
scaling matrices We = M1, & ,1}. These matrices can be given explicitly as

R 0% o, cY

_ 4 _ 4
(3.1) Wo = 0 2 and Wi = 0 2 ,

and again we set We = W, - -ng_,_ls IZEI,IiIA%I not%at
_ 1 -1 1 =2
W1 =W, 001 — o0 1 Wo.

Such a decomposition also exists for the iterated matrices We, € [0,1}", n [N
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To formulate the next auxiliary result, we also define for ¢ [H, the dyadic
number

 —
[el, = &1...en:= g 277 [0, 1].
i=1

With this notation at hand, we obtain the following counterpiece of Lemma 2.3.
Lemma 3.1. For n [Ny and € [CH,, we have
C1

4N —4"21el,

Wg = Wgn e 'ng = 0 2n = Ug WO = W(;-]Vg,
where :ll ) - :ll 2t
_ - el, _ —2[e],
Ue = 0 1 and Vg = 0 1 ,

hence Ug = V2".
Proof. The proof is again of inductive nature and relies on noting that

C1 [CII] - -
A0 4% —a"2[l, _ 4™ —4n*12(g,0)],

WOWS = 0 2 0 2n+l - 0 2n+2
as well as
1 111 101
WiW. = 4 —4 40 —4n2[g], _ 4Tl Al (2[e], +27M)
1We = 0 2 0 2n -0 2n+1
1 1
_ 4T —An*1o (e, 1)),
- 0 2n+1
Hence,
1 1 I I
W. = IZ__mI" —22n*1[e], _wn L —2[el, _ 1 —2"*1[g], W
€T 0 2n — 7o 9 1 -0 1 o

Since for x [
—X 1 —kx

R
0 1 o 1

also the final claim follows. —1

Note that V(o 0y, V(1,0,..,0), and all Ue are unimodular matrices, i.e., they have
an inverse in Z2>*2. A particular role will be played by the two matrices

i T,
—_ - —_ 2 — -
V=19 1 » UZV= 4
which satisfy
(3.2)
W; = UWg = WyV, ie.  W;=U"tw,v and Wy =UW,V L.

The associated subdivision schemes are now defined as follows. The term adap-
tive refers to the tree-like structure, which provides various branches for subdivision,
whereas the term directional refers to the directional structure which comes from
the shearing process contained in the dilation matrices We, € [CEL
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Definition 3.2. Letae [1d3(Z?), € [{D, 1} be two masks, that is, two finitely sup-
ported sequences, and let W, € [0, 1} be defined as in (3.1). Then the associated
adaptive directional subdivision scheme of order n is defined by

SEZSgn"'Sgl, € I:En, n I:N],
where, for n [0, 1},
]
c 11 EIZ

1
SnC = Sa, w,C = an (- —Wqa) c(a), ,
alz3

Note that both the mask as well as the scaling matrix of these subdivision
schemes depend on the index €. Moreover, we wish to remark that these schemes

can clearly be computed in a tree-like fashion by setting
—1 .
SeC = S(ere,)C = Se, Se= ag,, (- — We, B) See(B), e [Hh—1.
B [Z2
Adaptive directional subdivision schemes can be considered subdivision schemes

of their own, however, with a di [erknt scaling matrix. This is easily seen by means
of the following example: for a ZF we have

1
S(al,sz)c = Ssz SSlc = ag, ( - Wsz B) (581 C) (B)
Brza
1 1
= ae, ( - WEz B) ag, (B - WSly) C(y)
S - v ]

[ I | I— |
= L1 ag, (- — We, B — We,We, y) ac, (B) Cely)
y[Z3 z3a
— ] .
= Qey,er) T W(Elyﬁz)y C(y)-
y [Z3

An inductive application of this argument immediately gives the next result.

Lemma 3.3. For € [H,, the subdivision scheme S¢ acts as

1
Sec(a) = ae (o — WeP) c(B), o [CZF,

B Zza
where the coe [cieht sequences a are recursively defined as az = aeere,,) = Se, a0

To get a better understanding of the geometry of adaptive directional subdivi-
sion, we write a; as a; = & (U-) which is always possible since U is unimodular.
It then follows from repeated applications of (3.2) that

1

Sa, w,C = a; (- —Wia) c(a)

]
= & 1U - —UWU tUa c(a)

[P N g

= d1U - —UW1V ™ “a ¢ U a
) L, 00, O

= dg1U - —UWoV "a ¢ U a

alza
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1 ], O
= & U - —Wea) c U a

O, 0
= Sew,C UL (UY.

This identity can be rewritten in terms of dilation operators as

.....

and enables us to implement the subdivision scheme S; in terms of d-and the
shear operator Dy. Moreover, it explains the geometry of the scheme S;: first,
a shearing by U~ is applied to the data sequence, then the subdivision operator
refines the data in the sheared direction with a higher resolution than the data in
the non-sheared direction, so that the additional application of the shearing by U
does not fully compensate the initial one. In summary, this process leads to limit
functions which are sheared versions of the limit function of Sg and the amount of
shearing is determined by when and how often S; is applied in the process. We
remark that this geometry is very much in the spirit of the Continuous Shearlet
Transform, which can be regarded as applying a shearing operator, an anisotropic
2-D Wavelet Transform, and again a shearing operator [23].

4. Convergence

In this section, we shall study convergence of the previously introduced adaptive
directional subdivision schemes. To that end, we introduce the projection operators
Pn : Ew - En, n [N, which extract the initial segment of order n from a
sequence: Pne = (€1,...,€n).

Definition+4.#= The adaptive directional subdivision scheme is said to be conver-
gent in C R? , ﬁ fle_JcI any € [Heo, there exists a nonzero uniformly continuous
function f [Tl R? such that

] ]
lim sup Eg Wy la —Spneé(a)B: 0.
N- g7z n

Note that this is equivalent to

| |
lim sup Es W5 La —apns(a)B: 0.
N-%°arza n
. ], . .
Since any sequence ¢ [I1IZ= can be trivially written as

1
c= C(G) 0 ( - O() s 6(0() = 60(,0,
alza

and since the subdivision operator is linear, we immediately obtain the following
convolution style representation of the limit function.

Proposition 4.2. If the adaptive directional subdivision scheme converges for some
€ [H then the limit function takes the form

1
fe Cal= cla)fe (-—a).
alz3
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4.1. Basic Properties. This definition of convergence has an immediate conse-
quence: If the adaptive directional subdivision scheme is a convergent one, then,
in particular, ap and a; must define convergent adaptive directional subdivision
schemes, which follows by simply choosing € = (0,0,...) and € = (1,1,...), respec-
tively. Consequently, they must both preserve constants.

Lemma 4.3. If the adaptive directional subdivision scheme is convergent, then

1
(4.1) as (0 +WgB) =1, o [ZF, e 4D, 1}.

BCzZa

An alternative but equivalent definition of convergence of a adaptive directional
subdivision scheme can be given in terms of function spaces instead of sequence
spaces by means of test functions.

Ll
Definition 4.4. A function g Q1 R? s called a test function, if it is compactly
supported and its integer translates form a stable partition of unity, that is,
L 1
0 q9(¢—-o)=1,
(ii) there exist constants 0 < A < B < oo such that for any ¢ [ T3
1
A [cI_] < [gllal ] < B [cld, g [Ccl:= c(a)g(-—a).
alza

The most prominent examples for test functions are the tensor product B-Splines
so that there even exist refinable test functions of arbitrary regularity. With the
help of test functions, convergence can be described as follows.

Theorem 4.5. The adaptive directional subdivision scheme converges if and only
if for any € ["El, there exists a nonzero uniformly continuous function f such that

4.2) lim [ = (g [Sp,,e3) Wp,e) (] =0

(i) for some test function g.
(i) for any test function g.

Proof. For classical subdivision, this result is due to Dahmen and Micchelli [13] and
we just show how it can be extended in a straightforward way to adaptive directional
subdivision. To that end, let g be any test function and recall that for any uniformly
continuous function f and any expanding matrix M the “quasi-interpolant”

1

g Cauf = f(Ma)g(—a),
o [Z3

1

. . L] -
with the sampling operator oy ;= F(M a) : o [CZP | satisfies
C1
(P g (O (M) < Cyo T, M1
where

w(f,d)=sup sup [F(x)—F(y)l,
x [RA -y [Jd=<d
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denotes the modulus of continuity of f. Recall that w (f,4) — 0 for 8 - 0 as long
as T is uniformly continuous. Now, we have that

- (ESPFLQ,) (Wp,e*) % 1
= | E\anlsfg (ang)a EDO\N 1 fg SPngé ( ng)

1 % % A
= - g Ijv\/71 fg (WPng ) I:IO-W 1 fg SPn£6

il

= Cg w f @P € E— %/—1 fg SPngé g
On the other hand,
1
71 fg SPn£6 = A @DO‘W 1 fg SPn£6 (WPng )
[l 1 1
= A_l - g ij—l fs (WPns ) - (g ESPn£6) (WPns')I;l
g [ | O
= A Cg W f Pnhe - (g ESPnEB) (WPnSI) I;'

which verifies the equivalence. Since therefore convergence of the adaptive direc-
tional subdivision scheme is equivalent to (4.2) holding for an arbitrary test func-
tion, this property holds for one particular test function if and only if it holds for
any test function. 1

Theorem 4.6. If the adaptive directional subdivision scheme converges, then the
limit functions f¢, € [El, satisfy the refinement equation
1

(4.3) fe = ag, (0) fp (We, - —0), 3 (e2,€3,...).
alz3
Proof. We define the transition operator
1 ]
T = as(a) f (We - —0a), f A R° , e [{0,1}
alz3
and note that, for ¢ [1d],
1 1
(Tef) [ = Tef (—a) c(a) = ag(B) c(a)f (We - —Wea —B)
i B -
— 1 1
= ae (B —Wea) c(a) T (We:—B) = (F [Sec) (We).
Brza arza
By iteration, we then find for ¢ [0, 1}" that
(f I:SSC) (Wg') = E'ESSn et Salc) (W;.;W:'I:D. * ng‘) |:|
= Tanf ESgn_l"‘SalC Wsn—l ‘...‘Wal‘ = ... :(Tgf m
where
Tef =T, - Te, f, € X0, 13"
Since, for n [N,

Tesfo 5 P = (o ) (W)

(|
= Tfli g ESPn_liE:lé WPr]jb Elsjlé (WS;L')
+ IS 0 W, 9,0 (W,
fip ¥ 2fe® Ve B ¢
= fb - g I:SPn—lbé WPn—lb E5516 (Wsll) + (g ESPnSB) (angl) ’
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it follows that
mlfbgﬁg 4 1] . H

< b— Esﬁ_lb WPE_Djb Bﬁéw + [ — (9 [Sp,ed) (Wp,e1) [J
= I:Sll - g I:Spnflb anflb + Iﬂ - (g I:Spnea) (WPnS')I;I

and the right hand side of this inequality converges to zero for n - oo while the
left hand side is independent of n. Thus Tg, fy = T which is (4.3). —1

4.2. An Algebraic Description, Sum Rules and Polynomial Reproduction.
Next, we give a more detailed description of the necessary condition (4.1) from
Lemma 4.3 in algebraic terms. To that end, we recall the definition of the symbol
of a mask a, defined as

 —
a'@) = a(a) z%, z [CR= (C\{0})?,

alza
as well as the subsymbols
1 )
ag (2) = a(n + Wea) z9, n CH: :=W,] [0,1)" nZ?, e {0, 1}.
alz3

The symbol can be “reconstructed” from the subsymbols by the well-known formula
|:||:| Ly,
atz) = zNag) 7%, e 40, 1},

n CHL
from which the following result follows immediately, cf. [29].

Proposition 4.7. The mask ag satisfies (4.1), the sum rule of order 0, if and only
it 1 -
az) =0, z Cp2"We N - [H\ {0} .

For a more algebraic description, we need the notion of a quotient ideal. Recall
that an ideal in A, the ring of Laurent polynomials in two variables, is a subset of A
that is closed under addition and multiplication by arbitrary Laurent polynomials.
The quotient ideal of two Laurent ideals I, J, is defined as

1:J:={f CA: f-J [}
and has the almost obvious property that I [I1: J. For any matrix X [ZP*?,
with cquan vectors X1, X we finally define the ideal
9‘ -1 = -1,27°-1={H@) -1+ E@2-1) : f,f, (I}

and its special case [zZI—1[d= z' —1 . Then we have the following result from
[26].

Theorem 4.8. The mask a¢ satisfies (4.1), the sum rule of order 0, if and only if
|
a‘:I:zq’Ve -1 :@-10

To conveniently formulate an important consequence of this theorem, we introduce
the vectors | ]
.l z7¥r —1 =<2
-1= o ] . X = [Xq, Xp] CZP<2.

With this notation we have the following result.
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Corollary 4.9. If the adaptive directional subdivision scheme converges, then there
exist matrix valued masks Bg, € [{0, 1} such that

(4.4) [z -1 al) =BLZ) 9” - 1|:,I e 40, 1}.

Proof. Any convergent subdivision must satisfy the sum rule of order 0 for ag,
€ [0, 1}, and so, by Theorem 4.8, it follows for ¢ [{D,1} and j = 1,2 that
1 1

1 1
(zi—Dald) =bilz) zWh -1 +b{z) zW) -1
Written in matrix form, this is what has been claimed. —1

Definition 4.10. The matrix masks Be, € [0, 1}, from (4.4) are called represen-
tation masks of ag, € [0, 1}, respectively.

Remark 4.11. Recall that the computation of the representation masks Bg can be
performed by reduction, a multivariate generalization of division with remainder, see
[10, 27] for the term order and homogeneous versions of this process, respectively.
Therefore, the symbolic determination of B¢ can easily be done with the help of
practically any Computer Algebra system that supports constructive polynomial
ideal theory.

Note howevgl,Nthat the representation masks are not unique to the appearance
of syzygies of z"Y= —1 | not even if an H-representation, cf. [25], is chosen where
— in the case of Wy — we have the “minimal degree” requirements that

deghi; =deghy; =degap —3, deghy, = deghyy =degag — 1,
see also [28].

We continue by giving explicit bases of the quotient ideals for our specific choice of
We. This is easy for Wy as all entries in this matrix are nonnegative, and indeed it
is not di Ccullt to see that
lo = g’VO —1|::||z|—1|3= %—1 22—1|::||z|—1|:|
B TN Sl = G
= Ttz + 7 z+1) + z7—1 + z5;—1 .

In fact, the graded homogeneous leading terms of the above ideal basis are z3z,, z§
and z3 so that the quotient space is spanned exactly by the seven monomials

1,21,22,2%,2125,23, 2325,

and their number coincides with the number of joint zeros of 1. Hence, by the
same reasoning as in [26, 28] they even form a graded Grobner basis, hence an
H-basis of the ideal 15. Recall that a subset H of an ideal | is called an H-basis,

if any polynomial ¥ [Tlcan be written in the form
1
f= fn h, deg f = deg fi, + degh,

h H

where deg denotes, as usual, the total degree of a polynomial. We will also use M,
for the vector space of all p@ixnomiﬁ of total degree at most n.

The situation for 1, = z"* —1 appears to be a little bit more intricate due
to the appearancg—of a negagive entry in Wy. Here it is helpful to recall that

] _
W; =UW,, U = 2 ,todefiney =zY = 73,272z, , hencealsoz =yY ™ =

1
0 1
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0, O _
y1,Y32y> and to realize that - -
q, ] ] 1 _
o= g g e e e H o g

Si
'ﬁi]_l O , O O ) O
y- —1 = yi—=Llyiy2—1 = yi—=Lyiya—(iya+y2)(y1—1)—1
= h—1y>—10F y— 101
we thus obtain that

O
L = I:‘I"’O—l -1
I SO N L B L= T
m T 3 'ty T o,

= zi+zi+z0+1 zp+z7 + z7—1 + z25—12]
To arrive at the somewhat surprising observation that in fact 1, = lg, we add
z{ — 1 tp-the thiyd basis element, z5 — z{, yielding zZ — 1 again, and subtract
(z1+1) él —1 from the first basis element which leads to

+722+7z +1D]z]+ 2I:l—( +1 IZJ‘—1
1 @ 1 2+ 2 z;+1) z{

= I%l+zf+zl+1|:zF+zf+zi‘+zf+zf—zf—zi‘+zl+1
= Z+22+z7+1 (22+1)

and therefore to the following result.

-
Theorem 4.12. The two quotient ideals I = E‘I’VS -1 : @-1Je 40,1},
coincide and have the H-basis representation
(I (I 1

(4.5) l:'=lo=lhh= zZ}+22+z1+1 (z2+1) + 21 —1 + 75—

The fact that 1o = 1; may appear a little bit surprising at first view, since it implies
that, for ani/ finitely supported mask a, we have

1
a(a+Wop)=1, o CZF - a(a+W;p)=1, o CZF.
BLZ2 BLZ2
Hence the necessary “sum rule” condition with respect to Wy is equivalent to the
one with respgetjto WWr—However, if we write W3 = WoV with the unimodular
matrix V = (1) _11 , then a simple change of the summation variable indeed

gives for any a [ZP
1

1 1
a(a+W,p)= a(@+WoVB)=  a(a+Wop),
BLZa BZ3 BZ3
and confirms (4.5).
Moreover, note that Theorem 4.12 gives a way to parameterize the ideal of all
admissible polynomial masks. Indeed, for any n [Nl we have that

Ly

1 5 (I 1
InMg = p@) z7—1 +q@@) z7+zf+z+1 (z+1)+r(z) z5—1 ,
with degp=n—4,deggq=n—4, and degr =n—2.

For a polynomial of this form, the decomposition with respect to Wy, i.e., the

matrix polynomial By, becomes

(46 1
_ @—-1Dp@)+(2z2+1)q(2) (z1 19 r@)

Bo(?) = (22— 1) p(2) Bzl 4@+ @ -1 Q).
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Since the two Laurent ideals lo and 1; coincide, the decomposition of al-into B}
takes exactly the same form as B{-in (4.6).

Next, we rephrase the identity (4.4) by means of the backwards di [erence operator
[ _dkfined for a sequence a as

1
a(-—m)—a()
[aF , =[z—1]a ,
a( =) — a() (@)i(2) =z - 1] a't)
1 0
0 and np = 1 denote the unit multiindices in Z2. Since, in
addition, any finitely supported matrix se&uence B satisfies

(Sew.) () =B )¢ g"’ , ¢ CILNKZ?), & 30,1},

where n; =

where 1
Sew.C:= B(—W:a)c(a),

alz3
our quotient ideal representation (4.4) can equivalently be written in terms of the
di Cerence operator as

ESQ’W8 = SBs,Ws L1 ¢ m,l}.

We end this section by recalling that quotient ideal containment also charac-
terizes the order of polynomial reproduction provided by the two masks and thus
the subdivision scheme. Recall that a mask a provides polynomial reproduction
of order n, if the leading forms of all polynomial sequences are reproduced by the

scheme: 1
L g 1
Sallk =M, k=0,...,n,  Mg: I%lkaya Do [ZP :

Polynomial reproduction is essential for the smoothness of the refinable limit func-
tion [6] as well as for the approximation order of the associated wavelet construction.
With the methods from [26, 28] we can now easily describe polynomial reproduc-
tion.

Theorem 4.13. The directional subdivision scheme preserves polynomials of degree
n, i.e., SeMx =Mk, € CH, k=0,...,n, if and only if

]
ae T = TgWo _ g Pt = e e g gy

4.3. A Characterization of Convergence. Finally, we will give a characteriza-
tion of convergence of the adaptive directional subdivision scheme, like usually in
terms of a (restricted joint) spectral radius. In this subsection, the adaptive direc-
tional subdivision scheme both for masks ag and a; as well as for their associated
matrix sequences Bg and B3 will come into play. To distinguish both, for the first,
we again employ the notation S¢, € [CH, whereas the second adaptive directional
subdivision scheme will be denoted by S&, ¢ [H.

Now, given two matrix masks Bg, € [{D, 1}, their restricted joint spectral radius
is defined as
p(Bo,B1| O F limsup sup sup @fc@]

N-ooo g {0,1}" cLITTd
The joint spectral radius is called “restricted” since the supremum is not taken over
all 2—vector valued sequences but only over the proper subset [Tl see [8, 30]. The
main result of this paragraph is now as follows.
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Theorem 4.14. The adaptive directional subdivision scheme based on the masks
ag, € [0, 1} converges if and only if al(z) [Tland the representation masks B,

e [0, 1}, satisfy p(Bo,B1| D2 1.

We will split the lengthy proof of Theorem 4.14 into several partial results, begin-
ning with the su Lciehcy of the spectral radius condition. To that end, we will show
that, starting with a particular test function g, the sequence g [Sp,<C converges to
a limit function for any choice of ¢ [H, and any ¢ [CTl. Indeed, we choose the
test function g to be Wy—refinable with respect to a mask b, that is
1

(4.7) 9= b(a) g (Wo - —a).

alz3
Such functions can be easily shown to exist, even with an arbitrary order of smooth-
ness: pick any cardinal B-spline ¢ = M (- |0, ..., N) with refinement mask h, then
a double application of the refinement equation with respect to the first variable
shows that the tensor product function

g(x.y) = (o L@ Call(x,y) = (¢ Lg) () o(y) =: W (X) @(y)

is Wo-refinable with respect to the mask b = Sy, ;h [Ch]l where Sy > denotes the
subdivision scheme with mask h and dilation 2. The following lemma states a more
general process.

Ler~nma 4.15. Let by, by %e 2-refinable masks, and let the mask 51 Ee defined
by bi(m) = Sp, 2bi(m) = | FP1(K)bs(m — 2k). Then the mask ag = by [halis
Woy-refinable, and a; = ap(U-) is Wy-refinable.

Proof. Let ¢1, ¢, be univariate functions which are 2-refinable with respect to b1, by,
respectively, i.e.,

1 )
o = bhi(K)¢(2-—k), i=1,2.
yval
We claim that the function f defined by
f=¢: [Pd

is Wo-refinable with respect to ag. Indeed, for x = (x1,x2) [RP, we obtain

1
(b1 Ch2)(a)f(Wox — o)

alz2

I I 1 111 1
| I | B | 1
= bi(on —2K)by (k) d1(4xy — 1) b2(02)d2(2%2 — 02)
I_i;,EZ:I kZ1 ] ax [Z1
I 1 1 1
= b1(k) br(a1)d1(4x1 — 2k — a1) d2(X2)
Al
1
= b1(K)d1(2x1 —K) 2(X2)
Kz
= fX).
The claim concerning W;-refinability of a; follows from Lemma 4.16. —1

There also exists a canonical W;—refinable function associated to g.
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Lemma 4.16. If go = g is Wo—refinable with respect to the mask by = b, then
g1 = go (U-) is Wi—refinable with respect to the mask b; = bg (U-).

. (I [ W
Proof. Setting g1 = go(U-) and thus go = g1 U~!- , we find for x [CRP that

1 1 0 . 0O
g1(X) = go(Ux) = bo(a) go WoUx —a) = bo(a)go WoV2x —a
— -
= bo(@)gr UT'WiVx—UTta = bo (Ua) g1 (W1x — )
el — otz
bi(a) g1 (Wix—a),
alza

hence g; is Wy-refinable with respect to b;. —1

The next two observation are again of a more algebraic nature.

Lemma 4.17. Suppose that a mask a satisfies Sa,w.c = 0 for all constant se-
quences ¢ and some € [{D,1}. Then there exists a 1 < 2 matrix mask B such that
Sa,Wg = SB,WS C 1

Proof. Again we refer to [26, 28] where it Iﬁ/beenlﬁown that Sa,w.c = 0 for all
constant sequences c if and only if aZ) [—2Ws —1 which is in turn equivalent to

the existence of a representation

1 1 1 QN ]
a'@) =biE) zWah—1 +biz) zZWD—1 =BYR) V-1,

which is nothing but S, w, = Sg .w, L1 —1

Lemma 4.18. Suppose that a compactly supported function f satisfies £ [cl= 0
for all constant sequences, then there exists a compactly suq@zr@, continuous 1x 2
matrix function G such that f [cl= G [CIcfbr all ¢ CTH Z° .

. Cl 1
Proof. For any x []D,1]?> we consider the sequence fxy = f(x+a) : o [ZF .
Since T is compactly supported, any such sequence fy, x []Q, 1]? has finite support
and since f is continuous, the map x B fy is a continuous one.
By assumption, fy [cl= 0 for any x and any constant sequencg-§, hengey with the
scaling matrix 1, the same methods as above yield that f-—¥' —1 = @— 103
Consequently, we have that

Fo(2) = 051(2) (21— 1) + 0y 2(2) (22 — 1) = Gy(2) [z — 1]
where, like fx and fZ), also GL{z) depend continuously on x as they can be
obtained by applying the orthogonal reduction process from [27]. Therefore, the
function G, defined as
G(x + a) = Gy(a), x 0, 1%, o Czf

has the properties claimed in the statement of the lemma. 1

Now we are in position to prove the su [ciehcy of the spectral radius condition
which we state as a separate proposition.

Proposition 4.19. The adaptive directional subdivision scheme based on the masks
ag, € [0, 1} converges, if altz) [Tland the representation masks Be, € [{0, 1},

satisfy p(Bo,B1| D2 1.
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Proof. For any 6 [(D,1— p), there exists, by standard properties of the (joint)
spectral radius, a constant C > 0 such that

" [}, ]
ccH=C(p+0) =Ca", n[N, ¢&[H, c¢[CI4d zZ°,
where0<o:=p+6 <1
Now, let € [[Hl be given and suppose first that €, = 0. Then, by the refinability
of the test function g from (4.7) and Lemma 4.17 which ensures the existence of a
finitely sup%rted matrix mask F such that Sp — Sp,w, = Sk,w, LWe have that
]
ES SC (WPnEI) - g Espnflgc WPnflgl
I:SPnSC (anal) - g I:Sb SPn—lsc (WPnEI) @
= 0 = Sb,Wo) SP,_,€C

= Bg - SvaO) SPn—ﬁ @c’: BQ @,Wo ESEL—ﬁC%l

= By [Skw,SP, . [CO1< By [Skw,[(To"

If on the other hand €, = 1, by using the function g; = g(U -) (cf. Lemma 4.16)
we pass to the estimate

i R

[Sp.eC(Wp,e) =9 [Sp, _,eC Wp, e ' - I:El

= IE - g ESPnSC (WPnEI) I;' +%_ gl) |:I%anlgc %‘718. oo

+ [Sp,eC(Wp,e) —01 [Sp,,_,eC Wp,_.¢
For the first two terms we now make use of Lemma 4.18 to obtain that

g — 91) [Sp,eC(Wp,e) ]
= [ —91) [Sp,ccl]) = [G[ISpecl )= %IESEHS ﬁs Bg Ca"

oo

oo *

and
LJ 4 _

@ —01) (e, 1€ Wp, &0 E1<BgCo"?,

respectively, while the third term can now be estimated as above again. In summary,

we obtain that there exists a constant D > 0 such that

[Sp,.eC(Wp,e') —9 [Sp, _,eC Wp, e E%l <Do"?!

so that for m NI
O-I”l
1—0’

@ L] 1 El
I:SPn+m€C WPn+m€' —4g I:SpnﬁC (WPnSI) oo =D

In other words, the sequence g [Sp,C (Wp,¢) is a Cauchy sequence of continuous
functions and thus must converge to a limit function for n - oo. Convergence of
the subdivision scheme then follows by standard means. 1

The proof of the converse statement of Proposition 4.19 is based on the estimate

_ _ Png6 ( - r]1) - SPns6 () EE
@ns EB% = [Se)e 0L = %Pln& (—n2)—Sp.ed () o

max [Shned (- = 1j) = Seaed ()L

= max E@nSB ( —nj) _O-WF;;Lsf ( _WJ)E‘ gnsé_o—wp_:ef%

j=1,2 Iil
* %pﬁef (=nj) = Ow;2 T(O) @ ,
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hence,
o< max 2 15} H =
@na L= Jn;"i‘)é ned = O-W;nlsf o= + anlgf (G r'|j) - O-W';nlsf ¢) =

If we assume that the subdivision scheme converges with uniformly-egntinugus;limit
function, then the right haq:i_lzs‘ﬁ converges to zero, hence also )%;3“8 Iﬁ% -0
for n - oo and any ¢ LTI Z- . This, however, is not su Lcieht for our purposes.
To show that the restricted spectral radius of p (Bo,B1| [)-i$ less than one, we
have to show that

(4.8) @ng ﬁscen [Iery),  lim 6, =0,

which will be prepared in the next lemmas. Here we follow the outline of a proof
from [6] and show that there exists a constant C > 0 such that

[IISpl..c ] < C 6, [IEL]], lim 6, =0,

n - oo

from which (4.8) follows immediately. We begin with an estimate on the limit
function .

Lemma 4.20. If ap and a; define a convergent subdivision scheﬁz,l—_ﬂpen there
exists a constant C; > 0 such that for any € [El, and any ¢ [1Jl Z

[fe CaAx) — fe Caly)| < Cr o (Fe, 8) [IEL,  X-y[Zd<1.

Proof. Since, according to Lemma 4.3, convergence implies the preservation of con-

stant sequences by the subdivision scheme, we also have that
1
1=f€ D:lz fg('_a)

alz3
and thus, for any ¢ [T, any w and any x,y [RP with XI—y[Z3,

1

(fe(x — 0) = fe(y — o)) (c(a) — W)E
alza
= #Qx,y - 0 (fe, ) - u%)fy lc(o) —wl,

|fs I—_Q(X) —fe |—_CKY)|

where
1 1] L1
Quy= a [ ZF : fe(x—a)B0 L& [ZF : fe(y—a)E0 .

Since f¢ is finitely supported, we have that #Q, y < oo. Specifically, if we assume
that f is supported on [-N,NJ]?, then #Qy, < (2N +2)2 as long as 6 < 1.

Choosing ] -
w=} max c(a) + min c(0)
2 olO}, alQly '
it follows for any a [}, that
1 . @ 1
—w|<: + Z#Q ,
le(e) —wl = 5 Hnax c(@) + min c(@)fs 5 #0xy (T
hence,
1
[fe CA09) — fe C(y)| < 5 (N +2)* 0 (F,8) (L]

as claimed. —1
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The next result concerns the dilerence between the subdivision scheme and the
limit function.

Lemma 4.21. If the adaptive directional subdivision scheme based on the masks
ag, € [{D, 1}, then there exists a constant C, > 0 such that, for any n [N, we
have

@nsc—fs m%ﬁg;@s Co @:ngé—fg %lvgls-EE.ol (Tl ).

Proof. We fix n, set, for abbreviation, £= P,¢, and assume again that ¢ as well
as ag and a; are supported on [-N, NJ]?. Again, we make use of the fact that Sy
and . preserve constant data and obtain, for any a [ZF and w [R], that

J_, O C 1 (I [N
Spe(a) — fe [al W, "a = ap(a—WpB)—Ff Wy a—B (c(B)—w).
Bz
Since

1 11 C 0 [
Qup= a [ZF : ap(@a—WpB)EO0 L& [ZF : fe W,'a—B E0

again satisfies #Qqp < (2N + 2)2, the same judicious choice of w as above leads
to the estimate

. |
%bc(a) —f, [d Wb_lo(%s (2N +2)* sup %b(a) —f w;la%,
alz3

from which the claim follows immediately. 1

Now it is easy to complete the proof of the converse statement for convergence
which we formulate in the following way.

Proposition 4.22. If the adaptive directional subdivision scheme based on the
masks ag, € [{D,1} converges then al(z) M and the representation masks B,

€ [0, 1}, satisfy p(Bo,B1| D2 1.

Proof. In Lemma 4.3, it has already been shown that convergence implies altz) 11
Moreover, Lemma 4.20 and Lemma 4.21 allow us to conclude with C = max{C,, C,}
that, for any ¢ [[TH, we have

I—:SJ?' Iﬁ cld
& e, cods T, Fpot T

< 2C %nsa —fe ‘%’VP—:SF%IH) % @;ﬂg [Tery,
and since
Cl |
lim @nsé—fs w;nls-':%+w fe, @;ﬂgﬂo

n - co
by convergence of the adaptive directional subdivision scheme and uniform conti-
nuity of the limit function, our prove is complete. 1

IA

5. Numerical Experiments

In this section we present some numerical experiments which illustrate the ability
of the developed class of subdivision schemes to adaptively change the orientation
of the data.

First, we recall that there exist a general way to construct masks, which are
refinable with respect to the dilation matrices Wy and W;, compare Lemma 4.15.

Now let the mask b [CI(Z) be chosen by b(—3) = —& = b(3), b(-1) = & =
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b(1), b(0) = 1 and b(m) = 0 otherwise, which coincides with the mask studied by
Deslauriers and Dubuc [15]. We remark that this mask yields a 2-interpolatory
subdivision scheme (compare also Section 6). By Lemma 4.15, we know that ag =
b Chds Woy-refinable, and a; = ap(U") is Wy-refinable.

In Figure 4 we illustrate the refinement of the matrix

(5.1)

L1
010

c,=0[o11 oL 1
010

1000 2000 3000 4000 5000 6000

(@) (b)

1000 2000 3000 4000 5000 6000 7000

1000 2000 3000 4000 5000 6000 7000 8000 9000 2000 4000 6000 8000 10000

© (d)

Figure 4. This figure shows the refinement of the matrix C;
defined in (5.1) after applying S¢ with (a) € = (0,0,0,0,0), (b)
€=1(0,0,0,1,0), (¢c) €=(0,1,0,0,0),and (d) e =(0,1,1,1,1).

and in Figure 5 we subdivide the data given by

(5.2)

- (—
012000
sl 0 0 0

=Bl 1 11
odo o 1 o
00010

In both figures we employ dilerknt iterations of the subdivision schemes Sy and
Si1. As can clearly be seen, the application of S; increases the angle the resulting
images is sheared in the x-direction, where the angle depends on the particular
path in the binary tree (see Figure 2) we choose.



26 GITTA KUTYNIOK AND TOMAS SAUER

1000 2000 3000 4000 5000 6000 7000 8000 9000 10000 1000 2000 3000 4000 5000 6000 7000 8000 9000 10000

@ (b)

2000 4000 6000 8000 10000 12000 2000 4000 6000 8000 10000 12000

© (d)

Figure 5. This figure shows the refinement of the matrix C,
defined in (5.2) after applying S¢ with (a) € = (0,0,0,0,0), (b)
€=1(0,0,0,1,0), (¢c) €=(0,1,0,0,0),and (d) e =(0,1,1,1,1).

6. Shearlet Multiresolution Analysis

In this section we will show how the adaptive directional subdivision schemes de-
veloped in the previous sections can be applied to derive a shearlet multiresolution
analysis. For the sake of simplicity, in the computation of “dual functions” we will
restrict ourselves to interpolatory subdivision schemes in this paper. Our idea is
inspired by similar ideas for the construction of a fast wavelet decomposition from
interpolatory subdivision schemes [17]. The construction of a shearlet multireso-
lution analysis associated with general adaptive directional subdivision schemes is
beyond the scope of this paper, and will be studied in a forthcoming paper.

Before constructing the scaling spaces we first need to discuss whether there exist
masks ag and a; such that the subdivision schemes Sg and S; are both interpolatory,
respectively, which immediately implies that S is interpolatory for each ¢ [He.
To that end, we proceed by using a tensor product approach. Recall that a mask
ap leads to an interpolatory subdivision scheme Sy provided that

(6.1) ap(Wo0) = dq0 for all a [ZF,

likewise does a mask a; lead to an interpolatory subdivision scheme S; provided
that

(6.2) a1(W10) =840 for all a [ZF.

There exists a canonical way to define a; by means of the matrix U as indicated
by the following lemma (compare also Lemma 4.15).
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Lemma 6.1. Let by, by I;EQZ) be masks vv~hich satisfy bj(2m) = B‘ﬁr allm 4
i = 1,2 and let the mask by be defined by by(m) = Sy, 2bi(Mm) = | FP1(K)b2(m —
2k). Then the mask b; [l satisfies (6.1), and the mask (b, [Cha)(U -) satisfies
(6.2).

Proof. Given some a = (0, 0) [ZP, we obtain
1

~ 1
(br CH)(Woa) = by(K)br(401 — 2K) - 82050 = b1(K)d2a,—k,0 * Ocrp,0 = Bar,0-
val Yval
A similar computation shows (5 CO{UW1a) = 8q.0- —1

Suppose we have chosen masks ap and a; so that the subdivision scheme S¢ is
interpolatory and converges for each € [El.. To define the scaling functions, recall
that we wrote e~= (g,0,0...) for the canonical embedding of E into E..; the
image of this embedding operation,

EFE{e™) e [H} CEL
thus consists of all infinite 0-1-sequences which contain only a finite number of
nonzero components. It is worthwhile to keep in mind that the subdivision scheme

Se converges for all ¢ CHif and only if ag defines a convergent subdivision scheme
and hence the functions

{fe : e (BY={fecr ¢ [E}
which will be needed to build the MRA can be ensured to exist by requiring the
existence of an appropriate solution of the refinement equation associated to ao.

This is a much weaker condition, of course, than convergence of the S¢ for any
€ [H.

Definition 6.2. The shearlet scla:IiIng spaces are defined as
Vo =span fer(—a) : o [ZF, € CH
and 1
Vi = Ve, N=1,
e a1}

where ] ]
Ve =span T (We-—a) : a [ZF, f [\ for all € CH.

Indeed this choice of scaling spaces provides a multiresolution analysis, which
is the focus of the following theorem. The main ingredient in the proof is — as it
should be — the refinement equation (4.3).

Theorem 6.3. The spaces (Vn)n=0 Create a multiresolution analysis. In particular,

(i) the spaces Vi, n = 0 are translation invariant,
(i) Vn [}, for all n =0, and
(iii) for each n [N, we have f [V}, = (W) [\V}41 for each € {0, 1}.

Proof. Statement (i) follows immediately from the definition of V,,, which is a trans-
lational completion.

To verify the nestedness property (ii), we consider an arbitrary “basis element”
T [V}, of the form

(6.3) f =fc(We - —0), e (B, n=@mmIlH oz,
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and make use of the refinement equation (4.3) to verify that

1 1
f=  an,(B)FpWp,(We —0)—B) = an, (B — Wi, ) fpr (Weer —B),
prza Brza

with €7= (g,n1) [Eh+1, hence f V1o V4.
To verify (iii) we again consider a function element f [\, of the form (6.3).
One implication follows from

] 1
T (WT ) = qu:IW(T’E) —a o, T |:{_(|), 1},

the other one can pejdedyegd in a similar way by considering f [\h+, and showing

that this yields f W 1. [}, for any © [0, 1}. —1

Notice that for each fixed € [H, the set of functions f.r (- — a), a [ZP, can be
interpreted as being derived from 84 by refining with the subdivision scheme Sg.
Since S¢ is interpolatory, this set of functions is linearly independent.

Some of the scaling functions which generate V, are plotted in Figure 6. The
di Lerknt orientations due to the application of the adaptive directional subdivision
scheme to the Dirac delta 6q is evident. This fact forces the associated shearlet
spaces to also comprise directionality, hence to react to directional behavior of the
data.

08 . : . / 08 . : . v
0 1000 T 1000 i
2000 T 2000 T
000 o T 000 o T

5000 gogg 7 o 5000 gogg 7
7000 7000

(@) (b)

Figure 6. This figure shows the refinement of 3y after applying S¢
with (a) € = (0,0,0,0,0), (b) € =(0,0,0,1,0), (c) € =(0,1,0,0,0),
and (d) €e=(0,1,1,1,1).
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7. Fast Shearlet Decomposition

Let P,, n [Nb, denote a sequence of projections from V41 to Vy, respectively,
and define the shearlet spaces as Hn, = (Pn — 1) Vh+1, N [Nb, hence as an appro-
priate complement of V, in V1. In classical MRA, P is chosen as an orthogonal
projection, but following the approach from [18], we can also use interpolation as
a projection, provided that the subdivision schemes were interpolatory.

7.1. Refinable Functions. In order to establish the shearlet decomposition, we
require the following two observations.

Lemma 7.1. For all ¢ [H and ¢ [CI{Z?), we have

-1 L —n . n
c W a fo(We:—a) = c Wy a fo(Ug (Wg' - —a)).
alz2a alz2a
Proof. Since all the matrices Ug, € [CHl, are unimodular, we obtain
_, O r—ol_ ]
c Wy a fo(Weg:-—a) = c Wy "Ug ra o (We - —a)
alz2a a

S e e s m
c Wy "a fo Ug U "W —a

]
= c Wi"a fo(Ug (WG —a)). [

alza
To formulate the next result, we denote by r : E - E the reversal operator for
sequences, which maps € = (€1,...,&n) to r(€) := r(€1,...,€n) = (€n,...,€1).

Moreover, we will write 0, = P, .0™or the zero sequence in Ey, k [N We can now
derive the following crucial relationship between refinable functions and subdivision.

Lemma 7.2. ForO0<k=<n, €= (n,1) [H, n [Ek and ¢ [I{Z?), we have
1 1 [ Iil | Ck 1
c(@) feaWS ™ —a = She(@)FoaWemyWe' ™™ - —a .

alz3 alza

Proof. Without loss of generality we can assume that T = (0). Then, for € = (g, €)1
the refinement equation (4.3) gives
[
c(a) fea WS ™™ - —a
alz2 I I
= c(a)
z2a za

R — -

ae; (B — We, 0) ¢(0) Fiy s Wr(ey 0, - —B

I [

1 [ h—k
ag; (B) féJ:WEl WO o= B

(I

o, [Z73

] ]
= (Selc) (B) féJ:|WI’(81,On_k) ' _B
BZ2
This is the initial step for the inductive proof that for j < k we have
1 [
(7.1) c(@) Fe W . —a
L S— O]
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Indeed, applying the refinement equation (4.3) once more to (7.1), we get that

1 L1 1
c(a) fera WS¢ - —a
z2
“ 1 | | O
= S(El ..... Sj)C(B)a€j+1 (G) f(8j+2 ..... Sk):'WSj+1 WI’(El ..... €j,0n—k) ° _B —a
a,B[z3
L1 1 1 1
= a€j+1 a— WEj+1B S(Sl ..... Sj)c (B) f(8j+2 ..... Sk):' Wr(al ..... €j+1,0n—Kk) ° —a
a,pza
which advances the induction hypothesis in (7.1). Specifically, for j = k this identity
gives
1 1 - 1 1 1 1
c(a) fFemaW, —a = Sec(B) fo W (e,0n1) —B
alz3 BrzZa

- O
SSC(B)fO Ur(s,On_k)Wo '_B
Brza

1 n [
= SeC Ur(s,on,k)B To Ur(a,on,k) (WO _B) .
BIZ2

Since for any n [CEk

_2n+1 2—n+k

—pn+1 [r (rl, 0n—k)]2 Nk—j 2_j

j=1

K1 | S | .
= =2 r(n);2™!

i=1
= =2r()l,,
we finally get the identity
1 g ek 1 1 1 N |
C(G) fgClWo A = SSC U,—(S)B fo U,—(E) (WO —B)
alza BrzZa
L1 1 - 1
= SgC(G)fo W,—(s)WO —a o,
alz3
which proves the claim. 1

Now suppose we are given some data from a finely sampled function on the grid
Wy "Z = 47"Z x 27"Z, say. The key idea for the decomposition of this data,
dependent on dilerent directions, is stated in the following result which is the
backbone of the MRA based fast discrete shearlet decomposition. We would like
to mention that it relies on the fact that the masks ag and a; are chosen to be
interpolatory and thus give us an explicit expression for P, — 1.

The wavelet part of such a decomposition is, as usual, related to the represen-
tatives of the quotient groups e = ZZ/Wr(E)ZZ, € [CH. Since for ¢ [CH, we
have detWy = detW; = 8", all such quotient groups consist of a number of ele-
ments that depends only on the length of €; we will denote by '& selection of
8" — 1 representatives for ' \ {[0]}. In the sequel, we will make use of the notation
Dmc =c¢(M:), M being some 2x2-matrix.
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Theorem 7.3. For ¢ [I{Z?), € = (n,t) [H, n [Ek and n = k we have that

1 | Lk O (R o (Y |
c(a) FeaWeyWo' ™ - —a = ¢ Wrya feoWe - —a
alza alz3
L I111 (I O Ll O O
(7.2) + C_SHDWr(n)C Wr(r])a+y f-[ClWr(r]) W, el © B VA
y [C}a 22

Proof. The decomposition is based on the prediction—correction method which has
become standard for interpolation based wavelet decomposition, in particular in
connection with the so—called “lazy wavelet” and the associated “lifting schemes”
[31]. [},
We subsample the data ¢ [CII1Z? to obtain ¢ = Dw
Lemma 7.2 to obtain that

oy © @nd make use of

| o 1 1 |
cHa) Fern W K —a = Sncta) For Wiy W™ - —a
al[za alza
This identity is then decomposed with respect to 'y giving the prediction
] 1
co) Fera WP ™ —a

za
“ — — OO e
= Sne” Wrma+y feoaWrmyWe - —Wrea—y

V%ZIEI 1 1

= S We@  Fora Wiy WE ™ - =W, (ya

B e T oo m
+ Shem Wrmya +y frmaWrmyWo' - =Wyma—y
i
| (I ([N
= ¢(0) freaWrqyy Wo ™ —a
B — e N e B e B
+ She W,—(n)a+y fT‘:'Wr(r]) Wo Ta -~y
y Lfarz3

since the subdivision schemes were supposed to be interpolatory. Comparing this
with the decomposition

(I

1 O ek 0 CI1r—1 [ ek 1
c(@) FraWr(yWo' ™ - —a = c(@) fr oWy )Wo' - =W mpa —y
alz3 \ alZz3
%I | L1y [
= c(@) fr Wy W' ™ - —a
“ S e S B
+ c(a) Ffea Wy W' - —a —y
y 23
we have to apply precisely the correction from (7.2). 1

For the special case n = €; and thus T = €,_Theorem 7.3 simplifies into the following
form.



32 GITTA KUTYNIOK AND TOMAS SAUER

|
Corollary 7.4. For ¢ IZIZI]%I2 , € [Hand n [Nl we have that

L1 [ 1 O L1 (I (.
c(a) FpaWe, Wy - —a = C(We, ) feoWy' - —a
za za
} - - S e R o B
(7.3) + € —Se Dw,, ¢ (We,a+y) foraWe, Wp' = —a —y .
y [CY o z2

Remark 7.5. The decomposition (7.3) is the shearlet decomposition associated with
the shearlet MRA: The function on the left hand side belongs to V,, and is written
as the sum of a function in V,—; and correction terms from V,, that vanish at W, Z?
— the shearlets in the interpolatory MRA.

7.2. Decomposition Algorithm. The fast shearlet decomposition is now based
on an iterative application of (7.3), where each step can be understood as filtering
by mgansref a filter bank. To that end, we have to interpret the initial sequence
¢ [I1iz= appropriately. Denoting by ge := fo (Ug:) the “sheared” version of the
refinable function fy, we form the quasi-interpolants

(7.4) 1 —

Gen = 0 LDU,QWE) = c(Ue@) g WG - —0) = c(a) Fo (UeW{' - —01).

alz2 alz2

These are precisely the functions which appear on the left hand side of (7.2) and
(7.3). Itis worthﬁlgi‘lg,to note that all the functions ge , are relying on the same
initial data ¢ [T1l7- .

The interpretation of (7.4) is rather easy now if we take into account that fy
was assumed to be the limit function of an interpolatory scheme, hence cardinal:
fo (0) = d0,o, a [ZP. Hence, since

1
(7.5) JQe.n(X) = c(a) fo (Wex — a), x [RP,
alz2

we can substitute x = W{ﬁj = I\(I_gp( and use the cardinality of fy to find that
Oe.n (Mga) = c(a) or gen Wg "a = c(Uea), respectively. The latter tells us
that we should interpret the sequence c as a function sampled at the grid W, "Z?,
while the parameter € determines how this data is sheared and which thus are the
directions “preferred” by the wavelet decomposition. 1,01

For the fast decomposition we now start with ¢ [CT1IZ= , interpret it as in (7.5),

and decompose it in two ways, namely, for € [CEhL, into
—1 0 O CI1T 1 ([ O
Jen = Ce (0) Fen WG ™ - —a + dey (@) fo We Wg'™ - —a —vy

alza y [CHa 23
where the coe Lciehts

ce = Dw.C

€

dey = (€—SeDw,.C)(We - +y)

are obtained by filtering the original sequence ¢ in both cases. This is the fun-
damental property of this decomposition algorithm: even if we decompose two
di[erent functions, ge n with € [CH;, we have to filter only one data vector to
obtain the new set of scaling coe [ciehts {c. : € [CEL} and shearlet coe [ciehts

{dg’y . € I:El,y E@.
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In the next step, the sequences c. and the associated functions g ) n—1 are
decomposed in precisely the same way, making use of Corollary 7.4 again. Like
above, we filter co twice to obtain new, further downsampled sequences ¢,y and
Ce.1) together with the respective shearlet coe [ciehts d g)y, Y CIE-and de 1.y,
y DL In exactly the same way we obtain C1,0) and ¢ 1y as well as dei o)y,
y CTF-and da1yy, Y [TI-by filtering c;. These first two steps of decomposition
are illustrated in Figure 7. It can already be seen from Figure 7 that - like the

c= C()l:l

Coy—Lddyry Co) Lddyry

| ]
] ]
coorlddory Conlddnry Caoprlddory Canclddney

Figure 7. The binary tree associated with the fast shearlet decomposition.

subdivision scheme — the shearlet decomposition becomes a binary tree labeled by
the directional indices €. Indeed, in general we obtain the new coe [ciehts by the
following simple filtering.

Algorithm 7.6. Let c. for some € [CH be given. Then the next level of scaling
and shearlet coe [ciehts are computed as

Cemy = PwygCe

0 mz :
deny = Ce—SnDw,Ce (Wy:+y), d oY EEF

Eventually, this process ends up with coarsest level scaling coe LCciehts cg, € [Hy,
and shearlet coe Lciehts dey, € (B, k=n, vy IZI:lg‘f'which describe the deviation
from the coarse data.

Indeed, it is now easily seen that such a decomposition must recognize “sheared”
and thus directional components of two dimensional data since (7.2) relates, for
€ [H, the data Dw,_c with the function ge and the respective shearlet coe Lciehts
must be large where the prediction by the subdivision scheme is inaccurate, i.e., at
directional singularities. Thus, the “recipe” is to consider the shearlet coe [Ciehts

dp,ey, k=1,...,n, & [H, y T}

A precise analysis of this nevertheless fundamental aspect of directional edge detec-
tion is beyond the scope of this paper where we just want to give the framework for
adaptive directional detections. It should also be clear that the adaptive directional
approach is not tied to interpolatory schemes, in fact, any perfect reconstruction
filter bank can be used as long as the projection and its complement can be ex-
pressed properly. We plan to address these questions as well as the numerical
implementations in a further paper, however.
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